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Al & ADVANCED
ANALYTICS ARE
TOP PRIORITIES
FOR ENTERPRISE

CD Prories

* DC and Garmershow that2 ofthe

top 3 prories of CD s are foaused 2 3 2 OO/ J
on ATand advanced analytres. o E |

* 15 t© 20% ofallnew nfiastmicture of top priorides 12 usage 1120211 !
depbyed w illbe usad to support -
these workbadsby 2021 .

« ATML/L Bpropcted to contiue
to be one of the hottest, hghest
grow th areas 1 enteyprise adoption..

1 DC.Golm an Sachs.HPE Corporate Strategy.2018
2 Gartner- ‘2019 CD Survey:CDsHave Awoken to the
Inportance of AY




DEPLOYING Al HAVE OPERATIONAL CHALLENGES

Financial services Government Energy Retail

Fraud detection, Cyber-security, smart cities, Seismic and reservoir Video surveillance,
ID verification defense, and utilities modeling shopping patterns

/
7 -FJ. ]
Health Consumer tech Service providers Manufacturing
Personalized medicine, Chatbots Media delivery Predictive and prescriptive
image analytics maintenance

1¥Sum 1 Pal,SrD iectorAnalst,Garmer, ‘Don t Stum bk at the LastM ie:Leveraghig M LOpsand DataOps to Operatonalze M Land AY
2DC,M arket Analysis Perspective, W oriw He Artificbl hiteTigence Software, September2020

of enterprises are minning nito the Bst
m ie'probkEm wih ML model
depbym ent and m anagem ent?

ofenterprises failto depby thexrAT
progcts hito production..The reasons
these proects failhave lite to dowih
havig the best data science team and
m ore to do w ih standard bushess and
' hirgration chalenges?



TOP REASONS WHY ENTERPRISE Al PROJECTS
FAIL TO MAKE IT INTO PRODUCTION

Solvig the wxong
probEm and not scopig

the ATproect conectly

¢ AppligATtowards haonect
prbkms

e Setiihg inproperexpectatins
e UshgATto sode aprbkm wih
different anal/tialtedmmues

e Dnorhg requiem ents 1 oxder
ofmagniude of resources
acrossm ulbdpe bushess groups

e Notutlzhg resources beyond
data science team swhen
creathg and refnihgmodek

Not seauring the
necessary fundng

¢ Overbokig that ATpofcts are
expensie and resource
Ttensive

e Failhg to dentdfy the right

probkEm and saope t properdy
fimd

e Notacquirhg the rght
resoures to fuly scak an AT

progct

ML Opsdoesnot

equalDevOps

e Not htegratihg M L Ops hito how
enterprise IT' envionm ents
opemate theirDevOps

e Negkctihghow MLmodekare
trathed and refined forspecific
ATuse cases

¢ Forgohg AThardware that i
complent, seaure,and rlEbkEe t©
meetenterpriee ' requirem ents

Data pipehesnot ready
forrealtine data

e Negkcthghow ealtimedam &
used and passed off nto
trahhg, hference, testing, and
depbyment

e Noteekdtng tedhnobgies that
w illbe used to fimnelthe data to
the rght desthations

e Overbokig how realtime data
w e clraned and prepped
before behgused nan ATuse
case

e Dnorng how data 5 olected
and sent to the data center
(oatch versus stream )

e Notamsiterng ralktine data
stream hg fiom multpl sources
and how tgetspligged hito
modek

T hfiastucthure
notready forAT

D &regarding that enterprise
data centersmust have A Fready
hardware and software

Notmealzihg certail processors
and tuned software needed to
mn ATaborthm s efficently

Dnoring how to operate hgh-
powerad system swih GPUs t
accekrate perform ance

Notsetup forstorage and
mem ory system s that can
hand® fastdata tansfers

Notutilzihg the right
hfiastucture forgeneating and
sendig m assive am ounts of
data fiom the edge




HPE BEST-IN-CLASS TECHNOLOGY WHERE AND WHEN YOU
NEED IT

@Cbl Location

% W orklads
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5 Deplym ent stage
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Com pute
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Tranhng

Storage

Fihancing

GPUs

Scakd POC

Netw orkihg

Chud
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Software
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M em ory-driven com pute

Production at scake




ACCELERATE TIME-TO-VALUE FOR Al WITH HPE ML OPS

Data Engineers

Data Scientists

¥

¥

HPE Machine Learning Ops

ML Architects

¥

Build

Train

Deploy

Monitor

HPE Container Platform

SEl=

ON-PREMISES

>

PUBLICCLOUDS

17

EDGE

Fasterand easertransiton to ATProduction
SolesM achne Leamng Operations bottkenedks
ATbwsILOB and II' opemations tom ore easily med
Consistent operations across bushess unis




FULL COMPLEMENT OF ENTERPRISE AI-READY ARCHITECTURE
CHOICES

ATReady Architecture
HPE Ezm eral NVDRA GPU Clud Do-E¥ourself Cray Urka
HPE ContaherPhtform and ML Ops HPE supported NGC ATM L Tbs BareMetzl, VM ,Contahers Superaom puthg Software Platfom

Choie of A M L LS TensorFbw,Cafie, PyTorch, M XNet, TF Servig, Clpper, Fhsk, ONYX

Ao krators— cpu (aelAMD),GPU NVDR /RtelAMD),FPGA (htelXiinx) AST (hte))

Fabric- Ethemet @niba,Sthgshot), hfnBand M elbnox)

| Storage— Mapr @Apolb/Poolant/Edgetne), ClisterStor E1000),W eka. Apolb/Prolant) |

Com pute— Apolb 6500/2000,Cray Supercom puters, Superdom e, ProLEnt DL.380 /385 ,Edgelne E1.1000/4000/8000




